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“Smart Chuhe River” system based on Flink, a new generation of big data processing engine / YE Feng'? ,ZHANG
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211100, China; 2 Postdoctoral Centre, Nanjing Longyuan Micro-Electronic Company, Nanjing 211106, China; 3. Jiangsu
Water Resources Department, Nanjing 210029, China; 4. Yellow River Institute of Hydraulic Research, Zhengzhou 450003,
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Abstract: The characteristics of big data in water conservancy were summarized, and a “Smart Chuhe River” systems
based on Flink was demonstrated. Taking the sensor data obtained from Chuhe River monitoring as experimental data, the
system performance is tested by common query operations. The results show that “Smart Chuhe” system based on Flink has

far more processing power than the traditional multi-tier framework system, providing feasible solutions for water

. .. « ”
conservancy informatization towards “smart” .
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