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Research progress of smart water conservancy based on knowledge graph
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Abstract: This paper collected relevant research literatures on the smart water conservancy in the databases of China National
Knowledge Infrastructure (CNKI) and Web of Science (WOS) from 2000 to 2021. By using the VOSviewer, CiteSpace and other
software, this study built various knowledge maps for the time series distribution of literatures in the field of smart water conservancy,
publishing institutions, and evolution of research hotspots, to analyze the current progress of smart water conservancy research. The
results show that the literature amount of smart water conservancy is increasing year by year, but there is a significant gap between the
CNKI database and the WOS database, and core research institutions have been formed in the field of smart water conservancy making
important contributions to the frontier development. The CNKI database focuses on the construction of digital watershed and smart water
conservancy framework by basin as a unit, while the WOS database focuses on researches from the perspective of geography and earth.
Both of them build the platforms for smart water conservancy based on the Internet of Things and deep learning.
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Table 2 Key words factor analysis for researches of smart water conservancy
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3 4.044 6.973 55.858 4.721 7.739 67.123
4 2.911 5.019 60.878 2.414 3.958 71.081
5 2.494 4.300 65.178 1.443 2.365 73.446
6 2.281 3.933 69.111 1.269 2.080 75.529
7 1.938 3.341 72.452 1.160 1.901 77.427
8 1.749 3.016 75. 468 1.096 1.797 79.224
9 1.453 2.505 77.973 0.903 1.481 80.705
10 1.298 2.238 80.211 0.817 1.339 82.044
11 1.087 1.873 82.084 0.766 1.256 83.300
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