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Self-deleting Algorithm of Feedforward Neural Networks

ZHAO Qi-lin CHEN Bin ZHUO Jia-shuo
College of Civil Engineering Hohai Univ. Nanjing 210098 China

Abstract In this paper recent development of self-deleting algorithm of feedforward neural networks is surveyed. On the
basis of the analysis of the self-deleting algorithm according to the similarity of hidden nodes output a new self-deleting
algorithm of hidden nodes which synthesized the similarity of hidden nodes and the importance of them is put forward.
The example proves that this algorithm not only reduces linearly related hidden nodes but also deletes unimportant

nodes reducing computation greatly.
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