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Table 1 Sea water test data
X1 X x3 X4 Xs Y
1 12.5 2.5 7.4 29.3 1.8 2.9
2 9.3 2.4 9.4 28.9 2.2 2.8
3 9.5 2.5 9.4 30.1 2.1 2.7
4 12.9 2.5 9.1 29.2 2.1 4.3
5 16.0 2.1 10.0 25.8 2.9 4.9
6 19.7 1.6 10.0 22.9 3.0 5.9
7 22.8 3.0 5.0 22.2 2.0 3.2
8 28.2 1.0 10.0 25.9 3.3 8.4
9 24.6 2.8 6.4 30.7 2.1 4.3
10 22.2 2.3 5.9 30.1 2.6 3.6
11 17.9 2.5 6.7 27.0 2.0 3.0
12 14.3 4.0 7.5 28.1 1.5 3.1
5-P-1 BP 0.99
68 12345791011 12 P=2.
5000 0.001 0.002 5-P-1 BP
P 20 15 10 8 5 4. 0.99
2.
2
Table 2 Result of singular value decomposition
20 11.9853 1.4905 0.9297 0.5789 0.3824 0.0475 0.0001 2
15 10.2954 0.3268 0.1794 0.0119 0.0001 1
10 6.8938 0.1844 0.0629 1
8 4.3418 1.2678 0.5764 0.0744 0.0038 3
5 4.3588 1.1558 2
0.0011 1
5-P-1 P
2.
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Fuzzy Cluster Analysis Method for Determining the Number
of Hidden Nodes of Feedforward Neural Networks

XU Shi-gang SUO Li-sheng
College of Water Conservancy and Hydropower Engineering Hohai Univ. Nanjing 210098 China

Abstract In this paper advances in architecture of feedforward networks are surveyed. Based on the essence of the
hidden layer a fuzzy cluster analysis method is put forward to extract the feature of sample data moreover the input and
output information is comprehensively considered. An example has proved the feasibility of the fuzzy cluster analysis

methed which is more efficient than the methods of interrelation analysis and singular value decomposition.
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