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Theoretical Research of Application of Feedback
Neural Network to Optimization

ZHAO Qi-lin ZHUQ Jia-shou
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Abstract In consideration of the problem of feedback neural network in solving optimization the relation between the
feedback neural network and energy function is discussed. It is proved that only if the neural network satisfies some
condtions the equilibrium state is the least point of Energy function. At the same time three design criteria for design of

the neural network are put forward.
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