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Table 1 Results of BP method and Table 2 Network linking weights of BP method
global optimum approach method ; j W j K 0
BP 0 1 5.439 0 1 -3.453
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Table 4 Statistics of errors of water level forecasts
576d 113d
My x107* <3 cm /% <3cm /%
2 3.5334 503 87.33 102 90.27
3 3.5253 509 88.37 102 90.27
4 3.5125 512 88.89 104 92.04
5 3.5120 513 89.06 105 92.92
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Global Optimum Approximation of Feed Forward Artificial
Neural Network for Taihu Flood Forecast
WANG Jian-qun' DONG Zeng-chuan' WU Hao-yun’

1. College of Water Resources and Environment Hohai Univ. Nanjing 210098 China
2. Flood Prevention Office Taihu Water Basin Authority Shanghai 200000 China

Abstract The multi-complex evolution algorithm a kind of global optimization method can be applied to the constraint
nonlinear optimization problems. The method uses the information of the objective function and shows directionality and
objective property in the search of the optimal solution. In this paper the multi-complex evolution algorithm is applied to
feed forward artificial neural network approximation. Finally the forecast of the Taihu flood level is studied and the results

show that the global optimal approximation is effective.

Key words evolution algorithm complex algorithm global optimization method feed forward artificial neural network

flood forecast

5000

DIALOG

INTERNET





