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Fig.2 Neural network controller for ship track-keeping
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Fig.3 Simulation results of straight line route
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Neural Network Controller for Ship Track-Keeping
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Abstract Introducted is an on-line trained neural network controller for ship track-keeping. The neural controller is
proposed for the occasions when the precise dynamic model is not available. It uses the rudder angle to regulate both the
tracking error and the heading error and adapts itself on-line through direct evaluation of control accuracy and it does not
need a teacher’ or an off-line training process. The simulation results reveal the effectiveness of the training method and

the robust performance of the neural control strategy.
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