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Table 1 ANN architecture for Muskingum method
and the method with a forecast period
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Table 2 Simulated results of flood volume based on Muskingum method and the method with a forecast period
/ mts7! / mt st /% / mts7! / mts7! /%
741002 18900 19360 2.4 0 0.82 18900 18950 0.3 1 0.82
800720 10400 10594 1.9 0 0.91 10400 10313 -0.8 0 0.95
810820 12 600 13218 4.9 1 0.96 12 600 12763 1.3 1 0.97
810901 10900 11193 2.7 1 0.96 10900 10918 0.2 1 0.97
780516 36367 33308 -8.4 0 0.93 36367 33550 -7.7 0 0.94
800713 21700 22758 4.9 1 0.95 21700 23332 7.5 1 0.95
800812 25900 25500 -1.5 0 0.92 25900 24805 -4.2 0 0.96
820506 22600 22697 0.4 0 0.99 22600 23255 2.9 1 0.98
820809 21500 22315 3.8 1 0.97 21500 22727 5.7 1 0.97
830616 34367 33308 -3.1 0 0.98 34367 33550 -2.4 0 0.99
820727 10600 10383 -2.0 -1 0.93 10600 10215 -3.6 0 0.95
830730 12100 12924 6.8 -1 0.95 12100 12393 2.4 -1 0.98
840515 16 600 14722 -11.3 -1 0.87 16 600 15021 -9.5 -1 0.87
840525 23200 22875 -1.4 0 0.97 23200 23457 1.1 1 0.97
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Radial basis function-neural network model for channel flood routing

HUANG Guo-ru RUI Xiao-fang
College of Water Resources and Environment Hohai Univ.  Nanjing 210098  China

Abstract The radial basis function-neural network method is applied to channel flood routing. In combination with the
specific modes of channel flood routing radial basis function-artificial neural network models based on the Muskingum
method and flood routing method with a forecast period are developed and the least square method is used to determine
the parameters of the models. The models are applied to flood routing for two natural river channels and the results show

that the models have the characteristics of fast calculation high precision and high value of application.

Key words flood routing Muskingum method method with a forecast period radial basis function artificial neural
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