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AFS Adaptive Fuzzy System

SAA Simulated Annealing Algorithm
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Application of adaptive fuzzy system to fault auto-diagnosis
in dam safety monitoring

NIE Xue-jun' GU Chong-shi' YAN Liang-ping' LUO Long-hong’
1. College of Water Conservancy and Hydropower Engineering Hohai University ~Nanjing 210098  China
2. Jiangsu Hydraulic Engineering Planning Office  Nanjing 210029  China

Abstract A kind of learning algorithm of adaptive fuzzy system AFS based on the simulated annealing algorithm

SAA  was presented to improve the stability and reliability of dam safety automatic monitoring. According to the
algorithm  a non-linear monitor model and a fault auto-diagnosis system for dam safety monitoring were developed. A case
study shows that the present system just as SAA  brings the nonlinear fitting of AFS into full play and has the capacity

of global optimal search realizing the on-line diagnosis and real-time separation of faults effectively.
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