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Table 1 Evaluation of effect of prediction
RBF
/ EMA/ EV[.—\P/ EMA/ EMAP/ EMA/ EMAI’/ EM-\/ EM»‘-\P/ EM-\/ EM-\P/
t
/ t % / t % / t % / t % / t %
1995 5786.65 5449.49 5834.03 5632.20 5654.14 5840.37
1996 6188.33 6141.85 6069.41 6428.25 6263.64 6374.34
198. .1 142. 2.1 115. 1. 121. 1. 24 1.24
1997 6789.30 6591.95 9%.90 3.16 6485.33 36 7 6725.53 5.6 8 6605.19 58 20 6731.26 77
1998  6818.40 7033.02 6917.57 6823.00 6912.77 6829.59
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Nonlinear combined prediction of port throughput based
on support vector machine regression
WU Xiao ZONG Bei-hua
College of Transport & Communication —Shanghai Maritime University ~ Shanghai 200135  China

Abstract A nonlinear combined model for prediction of port throughput was presented based on the regression algorithm
of support vector machines. The comparison of the predicted result of port throughput by the present method with those of
other methods shows that the method developed in this paper is of strong capability in learning and mapping and has high

applicability in modeling for combined prediction of nonlinear systems with some uncertainties.

Key words port throughput nonlinear combined prediction support vector machine regression





