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Statistical diagnostics for linear regression models
with heteroscedasticity

LING Jia' > XIA Le-tian'
1. College of Sciences Hohai University ~Nanjing 210098  China
2. Jiangsu Radio and TV University ~Nanjing 210036  China

Abstract The mean shift outlier model MSOM and the case deletion model CDM with heteroscedasticity were
developed in order to detect outliers in linear regression models with heteroscedasticity. The diagnostic test for the mean
of the MSOM with heteroscedasticity was carried out based on the score statistic. It was proven that the estimates of
MSOM and CDM with heteroscedasticity are equal. This result shows that the MSOM  which is easier to process can be
used more often to detect outliers in the linear regression model with heteroscedasticity than CDM. Finally outliers in

galvanization data were detected using the score statistic.

Key words mean-shift outlier model case deletion model heteroscedasticity





