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Face recognition method based on pseudo modular 2D PCA

CHU Rong
College of Electrical Engineering Hohai University Nanjing 210098  China

Abstract A novel face recognition method pseudo modular 2D PCA  was proposed based on the modular 2D PCA. The

pseudo modular 2D PCA shares the following advantages with the modular 2D PCA  There is no need to transform the

image matrices into the image vectors before the feature extraction The dimension reduction of identification features can

be done quickly The singular value decomposition of the matrices can be absolutely avoided. Meanwhile the propose

method can preserve the variation information of the original samples during the process of the dimension reduction and

it can keep the similarity among the samples of the same class after the process of the dimension reduction. The

experimental results of ORL face image database demonstrate that the recognition performance of the pseudo modular 2D

PCA is better than that of the modular 2D PCA.

Key words 2D PCA pattern recognition face recognition feature extraction
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