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Application of moving window quadratic auto-regressive model in runoff prediction

REN Zheng HAO Zhen-chun
State Key Laboratory of Hydrology-Water Resources and Hydraulic Engineering
Hohat University ~Nanjing 210098  China

Abstract In order to improve the precision of prediction of runoff the moving window quadratic auto-regressive model
was adopted for the prediction of medium and long-term rtunoff. A comprehensive method for choosing the model
parameters is put forward based on self-adapting optimization smoothly moving windows and the minimum root mean
square error. The results show that the present method not only improves the prediction precision but also ensures the
model stability. Compared with the artificial neural network model the present model has higher prediction precision for

its first step and can be applied in the prediction of medium and long-term runoff.
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