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A method of flood forecasting based on partial least squares regression

DING Sheng-xiang'! DONG Zeng-chuan’> ZHANG Li' LI Qing-hang’
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2. State Key Laboratory of Hydrology-Water Resources and Hydraulic Engineering
Hohat University ~ Nanjing 210098  China
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Abstract In order to solve the problem of multiple correlation among forecast factors which cannot be avoided in the

conventional multiple regression model a flood forecasting method based on the partial least squares regression was

developed. This method combines partial least squares regression with a genetic algorithm to select variables. The

selected variables were tested by the Bootstrap method. Case study results show that this method can effectively select

variables by given objects and avoid multiple correlation among hydrological elements. The method has the advantages of

simple structure and high accuracy.

Key words flood forecasting partial least squares regression genetic algorithm factor selection





