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A wavelet-based method for de-noising data of electric load modeling

XIONG Chuan-ping' CAO Jun-jiee CHEN Qian’ JU Ping’
1. Henan Electric Power Company Zhengzhou 450052  China
2. College of Energy and Electrical Engineering Hohai University ~Nanjing 210098  China

Abstract To improve the identification accuracy of electric load modeling  the disturbance data need to be de-noised. A
strategy of filtering the noise of the stable stage while not filtering the noise of the transient stage was proposed. The data
for model identification was obtained by synthesizing the de-noised data of the stable stage and the data of the transient
stage. The position of the starting point was provided. A wavelet-based method was proposed for filtering the noise in the

stable stage. The practical applications show that the load model parameters estimated with the de-noised data are stabler
and the variances are smaller.

Key words electric load modeling noise wavelet analysis identification
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