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Input factor optimization study of dam seepage statistical
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Abstract: In order to avoid the conventional method’s requirement of selecting large quantities of input factors as
well as its large errors in development of a dam seepage statistical model, problems caused by the need for many
items to be considered in the earlier stage of model development, the copula entropy theory combined with partial
mutual information was used to optimize the input factor selection. To obtain the copula entropy, the Gumbel
function was used as the copula function, the Cauchy distribution was used to replace the normal distribution, and
the Hample criterion was used to select the input factors accurately. This approach was applied to seepage detection
for the Nuozhadu Dam. Comparison of the present results with those obtained from the conventional factor selection
approach shows that the seepage statistical model for optimizing input factor selection based on the copula entropy

has a better prediction effect.

Key words: dam safety monitoring; seepage statistical model ; copula entropy; input factor; partial mutual information

Pt 5 A 1124 2 M 30 oINS 70 Fope SR A A sy | SIS TR JEE A T A 1 e £ TS, HAT, 8
TG T DA (¥ e e P R R R AR R R 4T K ORI BE AT 6, R 1B T
B GETAR i UA R kIR X AL S AT T 2

s EHA. 2015-11-29
HEETH . BERARBI2ERA (51279052) ; /K SCK GRS KM TR 24 B 5 5 S5 56 2 00 H (20145028312)
EBERA . 2N (1986—) , B INERFMA, BR8N F I 22 4 Wi K AR 2 BT Y . E-mail ; 1xq0920@ gmail.com



55 4 1] ZUNar, 4 HET Copula SEIE A RIS T THE AL T ik 371

x1 SRGIHEREEFEENLMERLE

Table 1 Several methods for input factor selection of seepage statistical model
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