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Runoff similarity forecast based on multi-factor nearest
neighbor bootstrapping regressive model

TAN Qiaofeng' , CHEN Ran', ZHU Yang’, HU Lichun’, WEN Xin'
(1. College of Water Conservancy and Hydropower Engineering, Hohai University, Nanjing 210098 , China;
2. Dadu River Hydropower Development Co. , Lid. , Chengdu 610041, China)

Abstract; Focusing on the low accuracy and insufficient foreseen period of traditional runoff forecast, this study
proposed a runoff forecast method based on the similarity of rainfall and runoff. Data mining was used to search for
the similar historical rainfall and runoff process, and the most likely runoff hydrograph in the later period was
predicted. To prolong the runoff foreseen period to seven days, the real-time rainfall forecast information was
inputted into the model and three rolling forecast schemes were proposed. The forecast models could be adaptively
switched according to real-time rainfall conditions to further improve the forecast accuracy. The application in Dadu
River showed that the Nash coefficients of forecasting the third day and seventh day were greater than 0.9 and 0. 8,
and the average relative errors were less than 10% and 15% , respectively. The research is of great significance to
improve the forecast accuracy, extend the foreseen period, and promote the management and operation level of the

reservoir group.
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