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Abstract The current methods for hydrological forecasting are divided into two classes 1i.e. the process-driven model and the
data-driven model. The process-driven model is based on the conception of hydrology with which the discharge forecasting can be
performed by simulation of the runoff variation and river channel evolution. The advances of process-driven models in medium- and
long-term forecasting mainly concentrate on the modification of the precipitation and runoff models of river basins so that the
models can meet the requirement of the medium- and long-term forecasting. While the data-driven model without requirement of
the analysis of the physical mechanics is fundamentally a black-box model with an objective of identification of the optimal
mathematical relationship between inputs and outputs. Among all the data-driven models the linear regression model is the most
commonly used. Owing to the introduction of some new forecasting methods into hydrological forecasting such as the artificial
neural network model the nonlinear time-series analysis model the fuzzy mathematic model the grey system model and so on
and the improvement of the capability of data acquisition and calculation the data-driven model has drawn wide attentions in
hydrological forecasting.
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