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Study and application of inverse method for determining parameters in Least squares support vector machines//HAN Li-
wei LI Zong-kun WANG Jian-you Zhengzhou University — School of Water Conser vancy and Environment Engineering

Zhengzhou 450002  China

Abstract The parameters in Least Squares Support Vector Machines LS-SVM are not easy to determine. A new parameter-
selecting method that simulates the relation of LS-SVM parameters with their results through a genetic neural network is put
forward. The training parameter group is constructed with proper orthogonal decomposition. The resulting output is obtained by
putting the training parameter group into L.S-SVM. By substitution of the output and the train parameters set into the genetic neural
network the most suitable parameters of LS-SVM are determined. Finally the example of earth dam seepage is considered.
Simulation results show that this method can yield optimized parameters and that the prediction accuracy is over 1074,
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