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Progress in research on inland water quality monitoring based on remote sensing // WANG Bo', HUANG Jinhui',
GUO Hongwei', XU Wang®, ZENG Qinghuai®, MAI Youquan®, ZHU Xiaotong', TIAN Shang' (1. Sino-Canadian Joint
Research and Development Centre for Water and Environmental Safety, College of Environmental Science and Engineering,
Nankai University, Tianjin 300350, China; 2. Shenzhen Environment Monitoring Center, Shenzhen 518049, China)
Abstract: Progress in research on water quality monitoring using remote sensing were reviewed from the aspects of remote
sensing data, retrieval methods, and water quality parameters. Remote sensing data commonly used at home and abroad were
introduced. The advantages and disadvantages of five retrieval methods ( the analytic method, empirical method, semi-
empirical method, machine learning, and comprehensive method) were compared. The research on optically active parameters
(chlorophyll-a, suspended matter, and colored dissolved organic matter) and non-optically active parameters ( chemical
oxygen demand, biochemical oxygen demand, total phosphorus, and total nitrogen) was summarized. At present, there are
still some problems in inland water quality monitoring using remote sensing, regarding the pertinence of satellite sensors, the
spatiotemporal limitation of retrieval methods, the complexity of spectral characteristics of water quality parameters, the
accuracy of atmospheric correction, and the water quality monitoring of special types of water. It is pointed out that the remote
sensing monitoring of water quality in the future should focus on new remote sensing data, general retrieval models, different
spectral characteristics, accurate atmospheric correction, and classification of special water types.
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Table 1 Comparison of Landsat series, MODIS, and Sentinel-2 data
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