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Water safety assessment based on TS-SVM model

WANG Jia-yang' > WANG Wen-sheng’ LI Zuo-yong' > ZHANG Bi'
1. Chengdu University of Information Technology —Chengdu 610041 China 2. School of Hydraulic Engineering
Sichuan University ~ Chengdu 610065  China

Abstract The selection of the kernel function parameter and error penalty factor affected the precision of the support
vector machine SVM significantly. In order to give full play to the SVM model a TS-SVM model in which parameters
were optimized by a taboo search algorithm TS was proposed. By using this model to calculate the evaluation indexes of
the water safety of Shandong Province safety indexes and safety grades of every utilization project were obtained. The
results show that the TS-SVM model which has strong learning ability can yield rational results and is a practicable

model for water safety assessment.
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