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Water demand prediction model based on random
forests model and its application

WANG Pan, LU Baohong, ZHANG Hanwen, ZHANG Wei, SUN Yinfeng, JI Yu
(College of Hydrology and Water Resources, Hohai University, Nanjing 210098, China)

Abstract; In order to improve the accuracy of a water demand prediction model, we attempted to use the
classification and regression functions of the random forests model to construct a water demand prediction model.
Taking the water demand forecast in Suzhou City as a case study, we used the classification function to classify the
water demand prediction factors, and found that the most significant explaining variables were the primary industrial
structure, population, irrigation area, water use per 10 000 yuan, and GDP. On this basis, we used the regression
function to predict the water demand, and used the same training data to construct the water demand prediction
model based on the BP neural network and RBF neural network models. Through comparison of the prediction
results of the three models, we drew the conclusions that the random forests model can effectively forecast the water

demand, and it has higher precision than the other two models.
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