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Intelligent monitoring method for road inundation based on deep learning / BAI Ganggang', HOU Jingming' , HAN
Hao', XIA Jungiang®, LI Bingyao', ZHANG Yangwei', WEI Zhihao' ( 1. State Key Laboratory of Eco-Hydraulics in
Northwest Arid Region of China, Xi’an University of Technology, Xi'an 710048, China; 2. State Key Laboratory of Water
Resources and Hydropower Engineering Science, Wuhan University, Wuhan 430072, China)

Abstract: To solve the problems including frequent urban inundation and unsafe, costly and inefficient traditional monitoring
urban inundation method, a method of detecting urban road flood rapidly based on deep learning techniques is proposed. This
method, based on convolutional neural network, can extract the features of puddles from the input accumulated water image
data set. The water accumulation in Xi’an University of Technology is selected for verification. It is shown that the average
recognition accuracy of the method for training and verification of the data set is 96.1% and 90.1% respectively, and
automatic extraction of the puddle area in the image is realized accurately. So that the automatic identification of the
inundation area and the automatic acquisition of the water area in the urban inundation monitoring image are realized.
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Fig.7 The result of model training and validation
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